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Abstract 

Background Out‑of‑hospital cardiac arrest (OHCA) is a heterogeneous entity with multiple origins and prognoses. 
An early, reliable assessment of the prognosis is useful to adapt therapeutic strategy, tailor intensity of care, and inform 
relatives. We aimed primarily to undertake a prospective multicentric study to evaluate predictive performance 
of the Cardiac Arrest Prognosis (CAHP) Score as compare to historical dataset systematically collected after OHCA 
(Utstein style criteria). Our secondary aim was to evaluate other dedicated scores for predicting outcome after OHCA 
and to compare them to Utstein style criteria.

Methods We prospectively collected data from 24 French and Belgium Intensive Care Units (ICUs) between August 
2020 and June 2022. All cases of non‑traumatic OHCA (cardiac and non‑cardiac causes) patients with stable return 
of spontaneous circulation (ROSC) and comatose at ICU admission (defined by Glasgow coma score ≤ 8) on ICU 
admission were included. The primary outcome was the modified Rankin scale (mRS) at day 90 after cardiac arrest, 
assessed by phone interviews. A wide range of developed scores (CAHP, OHCA, CREST, C‑Graph, TTM, CAST, NULL‑
PLEASE, and MIRACLE2) were included, and their accuracies in predicting poor outcome at 90 days after OHCA 
(defined as mRS ≥ 4) were determined using the area under the receiving operating characteristic curve (AUROC) 
and the calibration belt.

Results During the study period, 907 patients were screened, and 658 were included in the study. Patients were 
predominantly male (72%), with a mean age of 61 ± 15, most having collapsed from a supposed cardiac cause (64%). 
The mortality rate at day 90 was 63% and unfavorable neurological outcomes were observed in 66%. The perfor‑
mance (AUROC) of Utstein criteria for poor outcome prediction was moderate at 0.79 [0.76–0.83], whereas AUROCs 
from other scores varied from 0.79 [0.75–0.83] to 0.88 [0.86–0.91]. For each score, the proportion of patients for whom 
individual values could not be calculated varied from 1.4% to 17.4%.
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Conclusions In patients admitted to ICUs after a successfully resuscitated OHCA, most of the scores available 
for the evaluation of the subsequent prognosis are more efficient than the usual Utstein criteria but calibration 
is unacceptable for some of them. Our results show that some scores (CAHP, sCAHP, mCAHP, OHCA, rCAST) have supe‑
rior performance, and that their ease and speed of determination should encourage their use.

Trial registration https:// clini caltr ials. gov/ ct2/ show/ NCT04 167891

Keywords Cardiac arrest, Outcome prediction, Neurological prognosis, Functional outcome, Score

Background
In Europe, more than 300,000 out-of-hospital cardiac 
arrests (OHCAs) occur each year, resulting in 250,000 
deaths [1]. Among these, less than 10% will leave the 
hospital alive without serious neurological sequelae [2]. 
Nearly all deaths occur early, during the first days and 
weeks, as a consequence of lesions caused by hypoxic-
ischemic brain injury, which are aggravated by reperfu-
sion provoked by the return of spontaneous circulation 
(ROSC). Clinicians, who face many challenges, find it 
very useful to be able to estimate the subsequent prog-
nosis with maximum reliability so that they can give 
relatives reliable information and adapt the therapeu-
tic strategy. In addition, an estimation of the accuracy 
of the prognosis may help to better identify subgroups 
of patients eligible for certain interventions and clinical 
research programs, such as early coronary reperfusion 
[3] or neuroprotective treatments [4].

To allow an early assessment of prognosis, it is possi-
ble to use scores based on variables available immediately 
upon admission to the intensive care unit (ICU). Sever-
ity scores used in the general population of ICU patients 
have been evaluated in the specific population of OHCA 
patients, but revealed poor calibration and discrimina-
tion performances [5–9]. On the other hand, numerous 
specific scores, all available at hospital admission, have 
currently been developed within the restricted frame-
work of OHCA patients [9–19]. For example, the Cardiac 
Arrest Hospital Prognosis (CAHP) score was evaluated in 
this situation and showed acceptable discrimination and 
calibration performance [10, 11]. However, to our knowl-
edge, the respective performances of all these scores 
have never been compared simultaneously for the same 
population of patients in a prospective multicenter study. 
Historically, Utstein criteria (which are also used in the 
calculation of all these scores) were used for prognosti-
cation after OHCA at the prehospital phase, and recom-
mendations were made to collect these elements under 
the term “Utstein style” [20–22]. Thus, as these Utstein 
criteria are the minimum framework to be collected in 
a study on OHCA, it seemed important to analyze the 
respective discrimination of each score as compared to 

the historical reference Utstein variable-based model 
score.

Thus, we designed the AfterROSC1 study with the 
main objective of comparing the performance of the 
CAHP score compared to the score derived from the 
Utstein style criteria for the prediction of functional 
prognosis after cardiac arrest. The secondary objectives 
were to compare the performance of other scores specific 
to cardiac arrest to those of the score derived from the 
Utstein style criteria.

Methods
The main objective of the present research was to evalu-
ate, in a prospective, multicenter, observational study, the 
discrimination, calibration, and clinical utility of CAHP 
score after OHCA as compared to Utstein criteria. The 
secondary objective was to compare the performance 
of these different scores to the prediction offered by the 
Utstein criteria. The study was declared on ClinicalTrial.
gov before it began (NCT04167891; August 1, 2020). Sta-
tistical analysis plan was approved before enrolment of 
first patient by Ethics Committee in charge of the study 
in France.

Study settings
This study was conducted in 24 ICUs in France and Bel-
gium between August 2020 and June 2022. All were 
members of the AfterROSC Network, which is dedicated 
to the promotion and development of clinical research 
and education regarding post-cardiac arrest care.

Ethics
Information about the study was delivered to each 
patient’s relatives. In cases of missing relatives, emer-
gency inclusion was allowed according to French law. 
Patients without an available relative included in the 
study were informed as soon as they regained compe-
tence. If they subsequently declined to participate, they 
were removed from the database. The research protocol 
(available with the full text of this article) was approved 
by the appropriate ethical committees (2019-A01378-49; 
CPP-SMIV 190901) and French data-protection authori-
ties, according to the principles of the Declaration of 

https://clinicaltrials.gov/ct2/show/NCT04167891
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Helsinki and its amendments. The analysis and report-
ing for this study were conducted in accordance with 
the Transparent Reporting of a Multivariable Prediction 
Model for Individual Prognosis or Diagnosis (TRIPOD) 
statement [14].

Study population
All patients admitted to the participating centers during 
the study period were screened for participation. Patients 
were eligible if they were 18 years or older, if they were 
admitted to the ICU after OHCA, and if they remained 
comatose at admission (defined by Glasgow Coma Score 
equal to or lower than 8) despite ROSC. In patients who 
had been sedated before ICU admission, the Glasgow 
Coma Score (GCS) determined by the emergency physi-
cian just before sedation was used. Non-inclusion criteria 
were in-hospital cardiac arrest, traumatic cardiac arrest, 
patient under guardianship, and previous inclusion in the 
AfterROSC1 study. Furthermore, we only included in the 
analysis patients for whom all the Utstein style criteria 
and the main endpoint (modified Rankin scale on day 90) 
were available.

Score determination
For each patient, all components of the Utstein style cri-
teria were captured and plotted into a dedicated score 
[15]. According to reference [15] and to a previous study 
with the same methodology [13], age, gender, cardiac/
non cardiac cause of arrest, bystander, bystander cardio-
pulmonary resuscitation (CPR), location (home/other), 
occurrence of CA before Emergency Medical System 
(EMS) arrival, shockable/non shockable rhythm, and 
time between CA and EMS arrival were incorporated 
into the “Utstein style” score.

Similarly, for each patient, individual scores were cal-
culated according to published data. To select scores 
retained in the present analysis, we performed a narra-
tive review of observational studies published from data-
base inception (1947) until September 2019 that included 
non-traumatic OHCA patients. We included studies 
that reported both early prognostic scores (including 
prehospital and in-hospital variables) and patient out-
comes, which included early mortality (within 24 h after 
emergency department admission), survival to hospital 
admission, survival to hospital discharge, and functional 
outcome at hospital discharge.

The following databases were searched: PubMed, 
Embase, Google Scholar, and Web of Science. The search 
strategies, adapted for each database, included medical 
subject headings and keywords for “heart arrest, ven-
tricular fibrillation, resuscitation, pulseless electrical 
activity, asystole” combined using the Boolean operator 

AND with a comprehensive range of search terms for 
prognostic score, including “score, early determination of 
prognosis.”

All risk scores calculable upon admission to hospi-
tal and predicting patients’ outcome after OHCA were 
retained in the analysis. Eight scores were selected: 
CAHP [9] and its simplified [10] and modified versions 
[11], OHCA [11], CREST [12], C-Graph [14], TTM [15], 
CAST [16], and NULL-PLEASE [17]. Post hoc, we added 
two scores, rCAST [16] and MIRACLE2 [17], published 
during the study period. To facilitate comparison, the 
variables involved in the calculation of these scores are 
listed in Additional file 1: Table S1.

Data collection
All data were collected by a dedicated study nurse or 
investigator in each participating center. The follow-
ing variables were collected: baseline clinical data and 
comorbidities; characteristics of cardiac arrest and resus-
citation; clinical and biological characteristics at ICU 
admission; treatments delivered in the ICU; length of stay 
(LOS) in ICU; invasive mechanical ventilation duration; 
functional and vital status at ICU discharge; and func-
tional and vital status at hospital discharge. Post-resusci-
tation shock (PRS) was recorded at ICU admission and 
was defined as a systolic blood pressure below 90 mm Hg 
for at least 30  min with impaired end-organ perfusion 
(cool extremities, mottling, or urine output < 30  mL/h), 
requiring norepinephrine and/or epinephrine intrave-
nous infusion [18]. The last neurological evaluation was 
performed on day 90 using the modified Rankin scale 
[19].

Outcome measures
The neurological outcome was scored using the level 
reached on the modified Rankin scale [20] at day 90, 
assessed by a research nurse during a telephonic inter-
view. The main endpoint was a favorable outcome at Day 
90, as defined by an mRS level of 0 (no symptoms), 1 (no 
significant disability), 2 (slight disability) or 3 (moderate 
disability), as recommended in the guidelines [21].

Sample size
Using existing data from a large and comprehensive reg-
istry of cardiac arrests admitted to the intensive care 
unit in the Greater Paris area [2], according to the same 
inclusion criteria of the study described here, multivari-
able logistic regression integrating the Utstein criteria 
described allows the realization of a receiver operating 
characteristic (ROC) curve whose area is estimated at 
0.85 [13]. The prediction of the CAHP score has been 
described as having an area under the curve of 0.93 
[10]. Considering a first-species risk of 0.05, a power of 
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0.90, and a difference of 0.85 to 0.93, it was necessary 
to include 574 patients. According to previous data, we 
planned a favorable functional outcome rate of 20% for 
patients included at ICU admission [2]. Since the end-
point was based on a telephonic interview at 90 days and 
considering the risk of about 20% of missing responses 
on the modified Rankin endpoint at 90  days, a total of 
597 patients were required [22].

Statistical analysis
We used descriptive statistics to summarize categori-
cal variables as proportions, and continuous variables 
as mean with standard deviation and median with inter-
quartile range for normal and non-normal distribution, 
respectively. Comparisons between proportions used 
Pearson’s chi-squared (or Fisher’s exact test, if appropri-
ate) and a t-test (or Mann–Wilcoxon rank-sum test) for 
continuous variables.

The discrimination abilities of the prognostication 
scores were assessed using ROC analysis and quanti-
fied using the area under the ROC curve (AUC). The 
AUC values were compared in a pairwise manner using 
the method of DeLong et  al. [23]. The calibration per-
formances of the prognostication scores were assessed 
using the Hosmer–Lemeshow test. For complete assess-
ment of calibration and regarding low power of Hosmer–
Lemeshow test, we performed calibration belt—which 
plot expected and observed outcome according to each 
score—with related P-value using calibration belt func-
tion on STATA. In the absence of dedicated metric for 
balance between discrimination ability and simplicity 
for determination, we added the ratio between AUC and 
number of items for each score. We plotted a decision 
curve analysis for Utstein style criteria score and others 
scores [24].

A first sensitivity analysis was performed to deter-
mine AUROC of each score including missing data, 

Fig. 1 Study flowchart
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with performed multiple imputations using a chained 
equations [25] on the dataset restricted to patients with 
available day-90 functional outcome available (primary 
outcome), and based on M = 10 imputed completed. A 
second sensitivity analysis was performed, restricted to 
non-cardiac causes of cardiac arrest at ICU admission.

All tests were two-sided, with a P-value of < 0.05 con-
sidered significant. Analyses were performed using 
STATA/SE 14.2 (Lakeway Drive, TX, USA).

Results
Baseline characteristics
During the study period, 907 patients were screened 
for participation, and 658 were retained in the analy-
sis (Fig.  1). Baseline characteristics and outcomes are 
described in Table  1. Patients were mostly male (72%) 
and collapsed at home (64%) in the presence of a witness 
(86%) who performed bystander CPR in 68% of cases.

Functional outcome and mortality
Survival at ICU discharge and at day 90 was 38%, with 
a favorable functional outcome (mRS < 4) at day 90 
observed in 37% of cases (Fig. 2).

Discrimination, calibration and comparison of CAHP score 
to “Utstein style criteria score” (Table 2)
CAHP score could be determined for 98.6% of patients. 
The AUROC for CAHP was 0.87 [0.84–0.90] which 
was significantly higher as compare to reference (0.79 
[0.76–0.83]; P < 0.001). The calibration was acceptable 
according to Hosmer–Lemeshow test and calibration 
belt test (both P-value > 0.05).

Discrimination, calibration and comparison of other scores 
to “Utstein style criteria score” (Table 2)
The proportion of patients for whom it was possible 
to calculate each of the scores studied varied between 
82.6% (CREST) and 98.6% (sCAHP, and mCAHP). 
According to Hosmer–Lemeshow test, calibration 
was acceptable for all score except for MIRACLE2 
(P = 0.03).

According to calibration belt test, calibration was 
acceptable for all score except for CREST and CGRAPH 
(P-values, respectively, 0.02 and 0.01). Calibration belts 
are depicted in Fig. 3.

Comparing AUROCs, the three best-performing 
scores were achieved by TTM (0.88 [0.86–0.92]), CAHP 
(0.87 [0.84–0.90], and mCAHP (0.86 [0.83–0.89]), while 
the three worst-performing scores were achieved by 
C-GRAPH (0.76 [0.71–0.80]), CREST (0.79 [0.75–
0.83]), and NULL-PLEASE (0.81 [0.77–0.84]). A com-
parison of the respective AUROCs is depicted in Fig. 4. 
All scores showed significantly increased AUROC 
values (P < 0.05) in comparison with the Utstein style 
“score” except for CREST (P = 0.28), NULL-PLEASE 
(P = 0.20) and rCAST (P = 0.16). For each score, the 
added value of each component (total AUROC/number 
of items) appears in Table  2. AUROC values for each 
score after multiple imputation are available on Addi-
tional file 2: Table S2.

Table 1 Characteristics of the study population

CPR: Cardiopulmonary resuscitation; ICU: Intensive care unit; IQR: Interquartile 
range; SD: Standard deviation; mRS: modified Rankin Scale

Missing All
(N = 658)

Male, n, % 0 478
(72%)

Age, ± SD 0 61 ± 15

Charlson comorbidities index, median [IQR] 0 2 [1–4]

Home location, n, % 0 423
(64%)

Witness, n, % 0 566
(86%)

Bystander CPR, n, % 0 449
(68%)

Occurrence of cardiac arrest after EMS arrival, 
n, %

0 88
(13%)

Shockable rhythm, n, % 0 318
(48%)

No flow duration, min, median [IQR] 0 3 [0–8]

Low flow duration, min, median [IQR] 0 20 [15–30]

Time to 911, min, median [IQR] 0 10 [5–15]

Epinephrine use, n, % 0 491
(75%)

Epinephrine dose, mg, median [IQR] 0 2 [0–4]

First arterial pH, ± SD 9 7.26 [7.14–7.35]

Post resuscitation shock, n, % 1 355
(54%)

ST elevation, n, % 3 225
(34%)

Early invasive coronary strategy, n, % 26 351
(56%)

Cardiac cause as supposed origin of arrest, 
n, %

3 422
(64%)

Targeted temperature management 
between 32° to 36 °C, n, %

0 568
(86%)

Survival at ICU discharge, n, % 0 249
(38%)

Survival at day 90, n, % 0 241
(37%)

Favorable functional outcome at day 90, n, %
mRS 3–2–1–0

0 223
(34%)
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Clinical utility
Decision curve analysis is available as Additional file 4: 
Fig. S1.

Performances in patients with a non‑cardiac cause of arrest 
(Additional file 3: Table S3)
In the subgroup of patients with a non-cardiac cause of 
arrest (n = 233), the AUROC of the Utstein style score 
was 0.75 [0.67–0.83]. The predictive values of CREST 
and NULL-PLEASE could not be determined because 
these scores are not usable in this population. AUROCs 
from other scores ranged from 0.59 [0.48–0.70] to 0.87 
[0.81–0.93]. The scores for CAHP, mCAHP, and TTM 
performed significantly better than Utstein, whereas 
C-GRAPH performed significantly worse.

Discussion
In this prospective multicenter study, we found that 
most of the tested predictive scores performed at least as 
well as, and most often better than, the predictive score 
derived from the Utstein style. In the population studied, 
we observed that these predictive scores could be calcu-
lated on admission in nearly all patients, confirming that 
they could be used routinely.

These results should be considered in relation to 
the data available in this field. Isenschmid et  al. [26] 
found that prediction scores dedicated to cardiac arrest 
cohorts performed better than general ICU scores and 
that the presumed asphyxia cause of cardiac arrest was 
associated with a drop in AUROC (0.71 vs 0.83). Pot-
para et al. [27], monitoring a cohort of 547 patients who 
suffered from OHCA, observed that the NULL-PLEASE 
needed to be modified regarding pH and lactate values, 

as those two items were inconsistently measured in 
their cohort. Tsuchida et  al. found in a cohort of 236 
OHCA patients that AUROC of NULL-PLEASE, CAST, 
and rCAST were 0.874, 0.860, and 0.770, respectively 
[28]. Recently, Blatter et al. [29], observing 415 patients, 
found that the AUROCs of OHCA, CAHP, APACHE 
II, and SAPS II scores had similar performances in 
predicting poor neurological outcomes at 2 years 
after cardiac arrest. Note that “general ICU scores,” 
such as APACHE II and SAPS II, could only be deter-
mined after 24 h, a limitation of their utility in the early 
phase of evolution. Heo et al. [30] compared 12 scores 
in a dataset of 1163 patients suffering from OHCA. 
The PROLOGUE score showed better discrimination 
performance without miscalibration. However, their 
study included a relatively homogenous population of 
patients who received targeted temperature manage-
ment, and the analysis was retrospective, with only 69% 
of the population eligible for score determination. To 
summarize, the literature is extensive but has recur-
rent limitations (mostly retrospective design and small 
sample size). A common limitation is also the endpoint 
timing, with some of these studies using a short-term 
evaluation (ICU discharge) and others using a long-
term evaluation (up to 2  years after the index event), 
which is questionable. Following the guidelines of the 
last version of the Core Outcome Set for Cardiac Arrest 
[21], we used the mRS, which allows for a combined 
assessment of neurological outcome and vital status 
at day 90. Hosmer–Lemeshow test was significant for 
MIRACLE2 indicating mis-calibration for this score. 
Calibration was not adequate for CREST and C-Graph. 
TTM score could not be determined for more than 10% 

mRS at ICU discharge

mRS at day 90

0 10 20 30 40 50 60 70 80 90 100

6 (Death) 5 4 3 2 1 0

Percent

Fig. 2 Distribution of mRS scores in each category at ICU discharge and day 90 follow‑up
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Fig. 3 Calibrations belts
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of patients. In the subgroup of non-cardiac OHCA, 
CREST and NULL-PLEASE could not be determined. 
All those together, leave CAHP (and its subsequent 
scores), OHCA, NULL-PLEASE and rCAST as candi-
dates for universal adoption. 

Early evaluation of patients’ prognoses at hospital or ICU 
admission is very useful to tailor interventions, especially 
neuroprotective interventions. However, it is likely too few 

clinicians make the assessment. Scores are good candidates 
for this assessment provided they have been scientifically 
validated. On other side, besides AUCs values, prognostic 
tests with similar discrimination power could mask differ-
ent clinical utilities: scores with very high specificity can 
be useful for accurate identification (rule in) specific out-
come, whereas scores with very high sensitivity can be use-
ful for exclusion (rule out) of specific outcome. However, 
our sample size did not allow us determination of respec-
tive characteristics of each score for predetermined Speci-
ficity. Some retrospective studies have already found than 
scores could help in identification of subgroups of interest 
(such as for coronary angiogram [3] or temperature man-
agement [11]) and furthers interventional trials could use 
them as selection criterions. Their use could be encour-
aged by guidelines to promote their use by clinicians on 
a daily basis. As already highlighted, recent literature has 
evaluated composite scores with many limitations. Apart 
from prediction scores, other tools could be used. Deye 
et al. [31] found that early determination of PS100-B have 
acceptable AUROCs (AUC 0.83 [95% CI 0.78–0.88]), but 
this biomarker is rarely available on an emergency basis, 
which makes its use impossible when a decision must be 

Fig. 3 continued

Fig. 4 ROC curves of scores included in the analysis
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made without delay. Other brain damage biomarkers exist 
that are potentially interesting in predicting outcomes in 
these patients, such as serum neurofilament light (NFL) 
[32] and Tau protein. However, their half-lives are too long 
for their use in this early phase, and preliminary data have 
indicated low performance (AUROC 0.58 [0.48–0.69] for 
tau protein [33]). A quantitative evaluation of pupillary 
light reflex may also be a valuable tool, but it is not widely 
available at this time [34].

To be effective, a risk score needs to be accurate, 
well calibrated, and easy to employ in routine prac-
tice. Whereas several metrics exist to measure usability 
in commercial areas, there is no equivalent for medical 
scores. Indeed, effectiveness is defined by discrimina-
tion and calibration, whereas efficiency and satisfaction 
cannot be determined with already validated tools. To 
help readers, we chose to determine the ratio of added 
AUROC per item included in the score to reflect the 
added value of each item in the score. However, this met-
ric did not consider completeness or ease of determina-
tion for each value.

Our study has several strengths. First, it is the largest 
study to date to evaluate prognosis scores. Second, we 
compare a very wide range of these scores in a unique, 
prospective, and dedicated study. Third, we highlight 
than prognosis can be performed relatively easily at the 
bedside.

Our study must be interpreted within its own limits. 
We did not evaluate all the available scores because we 
did not capture the data required for their determina-
tion [35–37] or because they were developed in a specific 
context of care [38–40]. Finally, some scores included 
dynamic values, such as for a vasopressor dose [41]. Our 
sample size, although larger than that used in previous 
studies, could lack the power to detect small differences, 
leading to recruitment in AfterROSC2 (NCT05606809).

Conclusion
In patients admitted to intensive care after a cardiac 
arrest, most of the scores available for evaluation of the 
subsequent prognosis are more efficient than the usual 
Utstein criteria. Some of these scores performed better 
than others, but calibration is unacceptable for some of 
them. Our results show that some scores (CAHP, sCAHP, 
mCAHP, OHCA, rCAST) have superior performance, 
and that their ease and speed of determination should 
encourage their use.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s13613‑ 023‑ 01195‑w.

Additional file 1: Table S1. Description of each score.

Additional file 2: Table S2. Comparison of AUC after multiple 
imputations.

Additional file 3: Table S3. Comparison of scores in the restricted popu‑
lation of patients with cardiac arrests from non‑cardiac causes.

Additional file 4: Figure S1. Decision curve.

Acknowledgements
We thank the healthcare staff and research nurses at the study sites.
AfterROSC Network: Noémie Peres (Médecine Intensive Réanimation, Tou‑
lon, France); Audrey Le Saux (Réanimation des Urgences, Marseille, France); 
Mathieu Bellal (Médecine Intensive Réanimation, Caen, France); Maxime 
Leloup (Médecine Intensive Réanimation, La Rochelle, France); Paul Jaubert 
(Médecine Intensive Réanimation, Angers, France); Matthieu Henry‑Lagarrigue 
(Médecine Intensive Réanimation, La Roche‑sur‑Yon, France); Nina Alezra 
(Médecine Intensive Réanimation, Versailles, France); Juliette Meunier (Méde‑
cine Intensive Réanimation, Le Mans, France); Mai‑Anh Nay (Médecine Inten‑
sive Réanimation, Orléans, France); Charlotte Salmon‑Gandonnière (Médecine 
Intensive Réanimation, Tours, France); Sandrine Mons (Médecine Intensive 
Réanimation, Brive‑la‑Gaillarde, France); Bruno Levy (Médecine Intensive 
Réanimation, Nancy, France); Xavier Souloy (Réanimation Médecine Intensive, 
Cherbourg‑en‑Cotentin, France); Laura Platon (Médecine Intensive Réanima‑
tion, Montpellier, France); Laurent Argaud (Médecine Intensive Réanimation, 
Lyon, France); Fabio Taccone (Réanimation, Bruxelles, Belgique); Damien Vim‑
pere (Adult Intensive Care Unit, Necker‑Enfants Malades Hospital, Assistance 
Publique – Hôpitaux de Paris, Paris, France); Riad Chelha (Réanimation, Quincy‑
sous‑Senart, France); Quentin de Roux (Service d’Anesthésie Réanimation 
Chirurgicale, Créteil, France); Caroline Hauw Berlemont (Médecine Intensive 
Réanimation, Paris, France); Bruno Megarbane (Médecine Intensive Réanima‑
tion, Paris, France); Sarah Benghanem (Médecine Intensive Réanimation, Paris, 
France); Jeremie Lemarie (Médecine Intensive Réanimation, Nantes, France); 
Cyril Goulenok (Médecine Intensive Réanimation, Massy, France).

Author contributions
JBL, WB, SL, and AC were responsible for the study concept and design, analy‑
sis and interpretation of the data, drafting of the manuscript, data interpreta‑
tion, and critical revision of the manuscript for important intellectual content. 
All authors were responsible for data acquisition, and all read and approved 
the final manuscript.

Funding
This study was funded by a grant from the French Intensive Care Society (FICS) 
/ Société de Réanimation de Langue Française (SRLF).

Availability of data and materials
Data are available on reasonable request to the first author and after approval 
by the steering committee of the AfterROSC Network.

Declarations

Ethics approval and consent to participate
Appropriate review boards approved the investigation (2019‑A01378‑49; 
CPP‑SMIV 190901).

Consent for publication
Not applicable.

Competing interests
JBL received fees for lectures from BD and Zoll. GG received consulting fees 
from BD. AC received fees for lectures from BD. The other authors declare that 
they have no competing interests.

Author details
1 AfterROSC Network Group, Paris, France. 2 Université de Paris Cité, Inserm, 
Paris Cardiovascular Research Center, Paris, France. 3 Service de Médecine 
Intensive Réanimation, University Hospital Center, 30 Boulevard Jean Monet, 
44093 Nantes Cedex 9, France. 4 Médecine Intensive Réanimation, Hôpital 

https://doi.org/10.1186/s13613-023-01195-w
https://doi.org/10.1186/s13613-023-01195-w


Page 11 of 12Lascarrou et al. Annals of Intensive Care          (2023) 13:100  

Jacques Cartier, Massy, France. 5 Médecine Intensive Réanimation, CH Toulon, 
Toulon, France. 6 Réanimation des Urgences et Déchocage, CHU La Timone, 
APHM, Marseille, France. 7 Médecine Intensive Réanimation, CHU Caen, Caen, 
France. 8 Médecine Intensive Réanimation, CH La Rochelle, La Rochelle, France. 
9 Médecine Intensive Réanimation, CHU Angers, Angers, France. 10 Médecine 
Intensive Réanimation, CHD Vendée, La Roche‑Sur‑Yon, France. 11 Médecine 
Intensive Réanimation, CH Versailles, Le Chesnay, France. 12 Médecine Intensive 
Réanimation, CH Le Mans, Le Mans, France. 13 Médecine Intensive Réanima‑
tion, CHR Orléans, Orléans, France. 14 Médecine Intensive Réanimation, APHP, 
CHU Ambroise Pare, Boulogne‑Billancourt, France. 15 Médecine Intensive 
Réanimation, CHU Tours, Tours, France. 16 Médecine Intensive Réanimation, CH 
Brive‑La‑Gaillard, Bourges, France. 17 Médecine Intensive Réanimation, CHU 
Nancy, Nancy, France. 18 Médecine Intensive Réanimation, CH Cherbourg‑
en‑Cotentin, Cherbourg, France. 19 Médecine Intensive Réanimation, CHU 
Montpellier, Montpellier, France. 20 Médecine Intensive Réanimation, Hospices 
Civils Lyon, Lyon, France. 21 Médecine Intensive Réanimation, CH Bethune, 
Bethune, France. 22 Réanimation, ERASME, Brussels, Belgium. 23 Médecine 
Intensive Réanimation, APHP, CHU Necker, Paris, France. 24 Service de Réanima‑
tion Polyvalente, Hôpital Privé Claude Galien, Quincy‑Sous‑Sénart, France. 
25 Service de Réanimation Polyvalente, Groupe Hospitalier Paris Saint Joseph, 
Paris, France. 26 Service d’Anesthésie‑Réanimation Chirurgicale, APHP, CHU 
Henri Mondor, Créteil, France. 27 Médecine Intensive Réanimation, APHP, HEGP, 
Paris, France. 28 Médecine Intensive Réanimation, APHP, CHU Lariboisière, Paris, 
France. 29 Médecine Intensive Réanimation, CHU Amiens, Amiens, France. 
30 Service Des Urgences, APHP, CHU Cochin, Paris, France. 31 Médecine Intensive 
Réanimation, APHP, CHU Cochin, Paris, France. 

Received: 20 June 2023   Accepted: 26 September 2023

References
 1. Survival after out‑of‑hospital cardiac arrest in Europe ‑ Results of the 

EuReCa TWO study ‑ Resuscitation. https:// www. resus citat ionjo urnal. 
com/ artic le/ S0300‑ 9572(20) 30046‑0/ fullt ext. Accessed 28 Sep 2021

 2. Bougouin W, Lamhaut L, Marijon E, et al. Characteristics and prognosis of 
sudden cardiac death in Greater Paris: population‑based approach from 
the Paris Sudden Death Expertise Center (Paris‑SDEC). Intensive Care 
Med. 2014;40:846–54. https:// doi. org/ 10. 1007/ s00134‑ 014‑ 3252‑5.

 3. Bougouin W, Dumas F, Karam N, et al. Should we perform an immediate 
coronary angiogram in all patients after cardiac arrest?: insights from a 
large French Registry. JACC Cardiovasc Interv. 2018;11:249–56. https:// doi. 
org/ 10. 1016/j. jcin. 2017. 09. 011.

 4. Holgersson J, Meyer MAS, Dankiewicz J, et al. Hypothermic versus normo‑
thermic temperature control after cardiac arrest. NEJM Evid. 2022. https:// 
doi. org/ 10. 1056/ EVIDo a2200 137.

 5. Choi JY, Jang JH, Lim YS, et al. Performance on the APACHE II, SAPS II, 
SOFA and the OHCA score of post‑cardiac arrest patients treated with 
therapeutic hypothermia. PLoS ONE. 2018;13: e0196197. https:// doi. org/ 
10. 1371/ journ al. pone. 01961 97.

 6. Donnino MW, Salciccioli JD, Dejam A, et al. APACHE II scoring to predict 
outcome in post‑cardiac arrest. Resuscitation. 2013;84:651–6. https:// doi. 
org/ 10. 1016/j. resus citat ion. 2012. 10. 024.

 7. Bisbal M, Jouve E, Papazian L, et al. Effectiveness of SAPS III to predict hos‑
pital mortality for post‑cardiac arrest patients. Resuscitation. 2014;85:939–
44. https:// doi. org/ 10. 1016/j. resus citat ion. 2014. 03. 302.

 8. Niskanen M, Kari A, Nikki P, et al. Acute physiology and chronic 
health evaluation (APACHE II) and Glasgow coma scores as predic‑
tors of outcome from intensive care after cardiac arrest. Crit Care Med. 
1991;19:1465–73.

 9. Salciccioli JD, Cristia C, Chase M, et al. Performance of SAPS II and SAPS III 
scores in post‑cardiac arrest. Minerva Anestesiol. 2012;78:1341–7.

 10. Maupain C, Bougouin W, Lamhaut L, et al. The CAHP (Cardiac Arrest 
Hospital Prognosis) score: a tool for risk stratification after out‑of‑hospital 
cardiac arrest. Eur Heart J. 2016;37:3222–8. https:// doi. org/ 10. 1093/ eurhe 
artj/ ehv556.

 11. Lascarrou JB, Dumas F, Bougouin W, et al. Differential effect of targeted 
temperature management between 32°C and 36°C following cardiac 
arrest according to initial severity of illness: insights from two interna‑
tional data sets. Chest. 2022. https:// doi. org/ 10. 1016/j. chest. 2022. 10. 023.

 12. Dyson K, Brown SP, May S, et al. International variation in survival after 
out‑of‑hospital cardiac arrest: a validation study of the Utstein template. 
Resuscitation. 2019;138:168–81. https:// doi. org/ 10. 1016/j. resus citat ion. 
2019. 03. 018.

 13. Rea TD, Cook AJ, Stiell IG, et al. Predicting survival after out‑of‑hospital 
cardiac arrest: role of the Utstein data elements. Ann Emerg Med. 
2010;55:249–57. https:// doi. org/ 10. 1016/j. annem ergmed. 2009. 09. 018.

 14. Collins GS, Reitsma JB, Altman DG, Moons KGM. Transparent reporting 
of a multivariable prediction model for individual prognosis or diagnosis 
(TRIPOD). Circulation. 2015;131:211–9. https:// doi. org/ 10. 1161/ CIRCU 
LATIO NAHA. 114. 014508.

 15. Perkins GD, Jacobs IG, Nadkarni VM, et al. Cardiac arrest and cardiopulmo‑
nary resuscitation outcome reports: update of the Utstein Resuscitation 
Registry Templates for Out‑of‑Hospital Cardiac Arrest: a statement for 
healthcare professionals from a task force of the International Liaison 
Committee on Resuscitation (American Heart Association, European 
Resuscitation Council, Australian and New Zealand Council on Resuscita‑
tion, Heart and Stroke Foundation of Canada, InterAmerican Heart Foun‑
dation, Resuscitation Council of Southern Africa, Resuscitation Council 
of Asia); and the American Heart Association Emergency Cardiovascular 
Care Committee and the Council on Cardiopulmonary, Critical Care, 
Perioperative and Resuscitation. Circulation. 2015;132:1286–300. https:// 
doi. org/ 10. 1161/ cir. 00000 00000 000144.

 16. Nishikimi M, Ogura T, Nishida K, et al. External validation of a risk clas‑
sification at the emergency department of post‑cardiac arrest syndrome 
patients undergoing targeted temperature management. Resuscitation. 
2019;140:135–41. https:// doi. org/ 10. 1016/j. resus citat ion. 2019. 05. 028.

 17. Pareek N, Kordis P, Beckley‑Hoelscher N, et al. A practical risk score for 
early prediction of neurological outcome after out‑of‑hospital cardiac 
arrest: MIRACLE2. Eur Heart J. 2020;41:4508–17. https:// doi. org/ 10. 1093/ 
eurhe artj/ ehaa5 70.

 18. Ziriat I, Le Thuaut A, Colin G, et al. Outcomes of mild‑to‑moderate 
postresuscitation shock after non‑shockable cardiac arrest and associa‑
tion with temperature management: a post hoc analysis of HYPERION 
trial data. Ann Intensive Care. 2022;12:96. https:// doi. org/ 10. 1186/ 
s13613‑ 022‑ 01071‑z.

 19. Bonita R, Beaglehole R. Recovery of motor function after stroke. Stroke. 
1988;19:1497–500. https:// doi. org/ 10. 1161/ 01. str. 19. 12. 1497.

 20. van Swieten JC, Koudstaal PJ, Visser MC, et al. Interobserver agreement 
for the assessment of handicap in stroke patients. Stroke. 1988;19:604–7. 
https:// doi. org/ 10. 1161/ 01. str. 19.5. 604.

 21. Haywood K, Whitehead L, Nadkarni VM, et al. COSCA (Core Outcome Set 
for Cardiac Arrest) in adults: an advisory statement from the International 
Liaison Committee on Resuscitation. Resuscitation. 2018;127:147–63. 
https:// doi. org/ 10. 1016/j. resus citat ion. 2018. 03. 022.

 22. Obuchowski NA, McClish DK. Sample size determination for diagnos‑
tic accuracy studies involving binormal ROC curve indices. Stat Med. 
1997;16:1529–42. https:// doi. org/ 10. 1002/ (sici) 1097‑ 0258(19970 715) 16: 
13% 3c152 9:: aid‑ sim565% 3e3.0. co;2‑h.

 23. DeLong ER, DeLong DM, Clarke‑Pearson DL. Comparing the areas under 
two or more correlated receiver operating characteristic curves: a non‑
parametric approach. Biometrics. 1988;44:837–45.

 24. Vickers AJ, Elkin EB. Decision curve analysis: a novel method for evaluat‑
ing prediction models. Med Decis Making. 2006. https:// doi. org/ 10. 1177/ 
02729 89X06 295361.

 25. White IR, Royston P, Wood AM. Multiple imputation using chained equa‑
tions: issues and guidance for practice. Stat Med. 2011;30:377–99. https:// 
doi. org/ 10. 1002/ sim. 4067.

 26. Isenschmid C, Luescher T, Rasiah R, et al. Performance of clinical risk 
scores to predict mortality and neurological outcome in cardiac arrest 
patients. Resuscitation. 2019;136:21–9. https:// doi. org/ 10. 1016/j. resus citat 
ion. 2018. 10. 022.

 27. Potpara TS, Mihajlovic M, Stankovic S, et al. External validation of the sim‑
ple NULL‑PLEASE clinical score in predicting outcome of out‑of‑hospital 
cardiac arrest. Am J Med. 2017;130:1464.e13‑1464.e21. https:// doi. org/ 10. 
1016/j. amjmed. 2017. 05. 035.

 28. Simultaneous external validation of various cardiac arrest prognostic 
scores: a single‑center retrospective study ‑ PubMed. https:// pubmed. 
ncbi. nlm. nih. gov/ 34391 466/. Accessed 17 Jun 2023

 29. Blatter R, Amacher SA, Bohren C, et al. Comparison of different clinical risk 
scores to predict long‑term survival and neurological outcome in adults 

https://www.resuscitationjournal.com/article/S0300-9572(20)30046-0/fulltext
https://www.resuscitationjournal.com/article/S0300-9572(20)30046-0/fulltext
https://doi.org/10.1007/s00134-014-3252-5
https://doi.org/10.1016/j.jcin.2017.09.011
https://doi.org/10.1016/j.jcin.2017.09.011
https://doi.org/10.1056/EVIDoa2200137
https://doi.org/10.1056/EVIDoa2200137
https://doi.org/10.1371/journal.pone.0196197
https://doi.org/10.1371/journal.pone.0196197
https://doi.org/10.1016/j.resuscitation.2012.10.024
https://doi.org/10.1016/j.resuscitation.2012.10.024
https://doi.org/10.1016/j.resuscitation.2014.03.302
https://doi.org/10.1093/eurheartj/ehv556
https://doi.org/10.1093/eurheartj/ehv556
https://doi.org/10.1016/j.chest.2022.10.023
https://doi.org/10.1016/j.resuscitation.2019.03.018
https://doi.org/10.1016/j.resuscitation.2019.03.018
https://doi.org/10.1016/j.annemergmed.2009.09.018
https://doi.org/10.1161/CIRCULATIONAHA.114.014508
https://doi.org/10.1161/CIRCULATIONAHA.114.014508
https://doi.org/10.1161/cir.0000000000000144
https://doi.org/10.1161/cir.0000000000000144
https://doi.org/10.1016/j.resuscitation.2019.05.028
https://doi.org/10.1093/eurheartj/ehaa570
https://doi.org/10.1093/eurheartj/ehaa570
https://doi.org/10.1186/s13613-022-01071-z
https://doi.org/10.1186/s13613-022-01071-z
https://doi.org/10.1161/01.str.19.12.1497
https://doi.org/10.1161/01.str.19.5.604
https://doi.org/10.1016/j.resuscitation.2018.03.022
https://doi.org/10.1002/(sici)1097-0258(19970715)16:13%3c1529::aid-sim565%3e3.0.co;2-h
https://doi.org/10.1002/(sici)1097-0258(19970715)16:13%3c1529::aid-sim565%3e3.0.co;2-h
https://doi.org/10.1177/0272989X06295361
https://doi.org/10.1177/0272989X06295361
https://doi.org/10.1002/sim.4067
https://doi.org/10.1002/sim.4067
https://doi.org/10.1016/j.resuscitation.2018.10.022
https://doi.org/10.1016/j.resuscitation.2018.10.022
https://doi.org/10.1016/j.amjmed.2017.05.035
https://doi.org/10.1016/j.amjmed.2017.05.035
https://pubmed.ncbi.nlm.nih.gov/34391466/
https://pubmed.ncbi.nlm.nih.gov/34391466/


Page 12 of 12Lascarrou et al. Annals of Intensive Care          (2023) 13:100 

after cardiac arrest: results from a prospective cohort study. Ann Intensive 
Care. 2022;12:77. https:// doi. org/ 10. 1186/ s13613‑ 022‑ 01048‑y.

 30. Heo WY, Jung YH, Lee HY, et al. External validation of cardiac arrest‑
specific prognostication scores developed for early prognosis estimation 
after out‑of‑hospital cardiac arrest in a Korean multicenter cohort. PLoS 
ONE. 2022;17: e0265275. https:// doi. org/ 10. 1371/ journ al. pone. 02652 75.

 31. Deye N, Nguyen P, Vodovar N, et al. Protein S100B as a reliable tool for 
early prognostication after cardiac arrest. Resuscitation. 2020;156:251–9. 
https:// doi. org/ 10. 1016/j. resus citat ion. 2020. 08. 010.

 32. Hoiland RL, Rikhraj KJK, Thiara S, et al. Neurologic prognostication after 
cardiac arrest using brain biomarkers: a systematic review and meta‑
analysis. JAMA Neurol. 2022;79:390–8. https:// doi. org/ 10. 1001/ jaman 
eurol. 2021. 5598.

 33. Humaloja J, Lähde M, Ashton NJ, et al. GFAp and tau protein as predictors 
of neurological outcome after out‑of‑hospital cardiac arrest: a post hoc 
analysis of the COMACARE trial. Resuscitation. 2022;170:141–9. https:// 
doi. org/ 10. 1016/j. resus citat ion. 2021. 11. 033.

 34. Oddo M, Sandroni C, Citerio G, et al. Quantitative versus standard pupil‑
lary light reflex for early prognostication in comatose cardiac arrest 
patients: an international prospective multicenter double‑blinded 
study. Intensive Care Med. 2018;44:2102–11. https:// doi. org/ 10. 1007/ 
s00134‑ 018‑ 5448‑6.

 35. Ishikawa S, Niwano S, Imaki R, et al. Usefulness of a simple prognostica‑
tion score in prediction of the prognoses of patients with out‑of‑hospital 
cardiac arrests. Int Heart J. 2013;54:362–70. https:// doi. org/ 10. 1536/ ihj. 54. 
362.

 36. Chen C‑T, Lin J‑W, Wu C‑H, et al. A simple risk score for predicting neu‑
rologic outcome in out‑of‑hospital cardiac arrest patients after targeted 
temperature management. Crit Care Med. 2022;50:428–39. https:// doi. 
org/ 10. 1097/ CCM. 00000 00000 005266.

 37. Bae DH, Lee HY, Jung YH, et al. PROLOGUE (PROgnostication using LOGis‑
tic regression model for Unselected adult cardiac arrest patients in the 
Early stages): development and validation of a scoring system for early 
prognostication in unselected adult cardiac arrest patients. Resuscitation. 
2021;159:60–8. https:// doi. org/ 10. 1016/j. resus citat ion. 2020. 12. 022.

 38. Wong XY, Ang YK, Li K, et al. Development and validation of the SARICA 
score to predict survival after return of spontaneous circulation in out of 
hospital cardiac arrest using an interpretable machine learning frame‑
work. Resuscitation. 2022;170:126–33. https:// doi. org/ 10. 1016/j. resus citat 
ion. 2021. 11. 029.

 39. Lin J‑J, Huang C‑H, Chien Y‑S, et al. TIMECARD score: an easily operated 
prediction model of unfavorable neurological outcomes in out‑of‑
hospital cardiac arrest patients with targeted temperature management. 
J Formos Med Assoc. 2022. https:// doi. org/ 10. 1016/j. jfma. 2022. 11. 012.

 40. Shih H‑M, Chen Y‑C, Chen C‑Y, et al. Derivation and validation of the 
SWAP score for very early prediction of neurologic outcome in patients 
with out‑of‑hospital cardiac arrest. Ann Emerg Med. 2019;73:578–88. 
https:// doi. org/ 10. 1016/j. annem ergmed. 2019. 01. 017.

 41. Coppler PJ, Elmer J, Calderon L, et al. Validation of the Pittsburgh cardiac 
arrest category illness severity score. Resuscitation. 2015;89:86–92. 
https:// doi. org/ 10. 1016/j. resus citat ion. 2015. 01. 020.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub‑
lished maps and institutional affiliations.

https://doi.org/10.1186/s13613-022-01048-y
https://doi.org/10.1371/journal.pone.0265275
https://doi.org/10.1016/j.resuscitation.2020.08.010
https://doi.org/10.1001/jamaneurol.2021.5598
https://doi.org/10.1001/jamaneurol.2021.5598
https://doi.org/10.1016/j.resuscitation.2021.11.033
https://doi.org/10.1016/j.resuscitation.2021.11.033
https://doi.org/10.1007/s00134-018-5448-6
https://doi.org/10.1007/s00134-018-5448-6
https://doi.org/10.1536/ihj.54.362
https://doi.org/10.1536/ihj.54.362
https://doi.org/10.1097/CCM.0000000000005266
https://doi.org/10.1097/CCM.0000000000005266
https://doi.org/10.1016/j.resuscitation.2020.12.022
https://doi.org/10.1016/j.resuscitation.2021.11.029
https://doi.org/10.1016/j.resuscitation.2021.11.029
https://doi.org/10.1016/j.jfma.2022.11.012
https://doi.org/10.1016/j.annemergmed.2019.01.017
https://doi.org/10.1016/j.resuscitation.2015.01.020

	Prospective comparison of prognostic scores for prediction of outcome after out-of-hospital cardiac arrest: results of the AfterROSC1 multicentric study
	Abstract 
	Background 
	Methods 
	Results 
	Conclusions 

	Background
	Methods
	Study settings
	Ethics
	Study population
	Score determination

	Data collection
	Outcome measures
	Sample size
	Statistical analysis

	Results
	Baseline characteristics
	Functional outcome and mortality
	Discrimination, calibration and comparison of CAHP score to “Utstein style criteria score” (Table 2)
	Discrimination, calibration and comparison of other scores to “Utstein style criteria score” (Table 2)
	Clinical utility
	Performances in patients with a non-cardiac cause of arrest (Additional file 3: Table S3)

	Discussion
	Conclusion
	Anchor 26
	Acknowledgements
	References


